
ESTIMATION PAPER

See leaderboards and papers with code for Depth Estimation.

The combination of and with a policy estimator and a value function estimator is known as the actor-critic
model with the policy as the actor and the value function as the critic. The above describes the estimator for
where adjusting adjusts the bias-variance tradeoff. Additionally the authors method can leverage local
structure of the input. Recall that raw policy gradients, while unbiased, have high variance. Suppose is an
estimate of the advantage function. With these components, they are able to achieve high performance on
challenging reinforcement learning tasks with continuous control. The first serious difficulty is with the type
of data available. The connection between reward shaping and the GAE is the following: suppose we are
trying to find a good policy gradient estimate for the transformed MDP. The Generalized Advantage Estimator
It might not be so clear which of these estimators above is the most useful. The second critical difficulty noted
in the critique by Barnsley et al is in the additional assumptions made by Claxton et al. Additionally, the
authors uses an adversarial auto encoder approach to match the encoded representation to some prior
distribution. If we sum over all time steps, by linearity of expectation we get In other words, we get an
unbiased estimate of the discounted gradient. Will this work well in practice? Hence the encoder will pass on
the information that is generally shared across the input. That update requires an entirely separate optimization
procedure. Proposition 1: -Just Estimators. Reference Hjelm, R. The result is interesting to interpret: the
exponentially-decayed sum of residual terms. Deep InfoMax The general method of training an encoder can
be seen below. There are only mortality data and those are available only for some areas of spending. It is
useful because if we are given the form of estimator of the advantage, we can immediately tell if it is an
unbiased advantage estimator. This is one of their contributions. Around once or twice a week we will send
you a round-up of the latest news, events and publications from OHE. In conclusion local DIM objective is
suitable for extracting class information. The Claxton et al paper is an excellent attempt at answering a
difficult question, based on a detailed analysis of differences in spending and mortality across Primary Care
Trusts PCTs throughout England during the â€”09 financial year. To the best of the authors' knowledge, this
paper demonstrates real-time monocular depth estimation using a deep neural network with the lowest latency
and highest throughput on an embedded platform that can be carried by a micro aerial vehicle. This can be
applied to language data as well, rather than maximizing MI between the feature and the whole document, we
can maximize between feature and a sentence. Please note that this pose is for my own learning purpose. The
authors model can learn features that have maximum mutual information between either global or local
structures of original data. The proof for Proposition 1 is based on proving it for one time step , which is all
that is needed. In practice, this will not be the case, since we are not given the value function. When it comes
to encoded features, both content as well as independence matters, and the authors trained their function in a
similar fashion to AAE to match the statistic properties that they wanted to impose to the encoded features.
While maximizing the mutual information between the encoded feature and the global input can be beneficial
for reconstructing the original input. And by doing this we encourage the model to encode information which
is shared across the entire image.


